To account for additional potential confounds of race with tested associations, parental-report of childs Ethnic Minority Group status was also included in models. Due to the small N for most subgroups and moderate percentage of multiethnic participants, Ethnic Minority Group status was calculated as a dichotomous variable reflecting minority versus Caucasian groups.
Blood Cell Contamination
In order to control for potential confounding of a variable of interest and contamination of our buccal samples with blood cells, and more specifically T cells, we used in silico spike in of blood and T cell methylation samples to test for contamination [37] . We spiked in 44 T cell samples (GSE50222 and GSE53191) and 37 whole blood (GSE41169 and GSE52113), age matched as best as possible within the limitations of data available. Using PCA the first two PCs associated with tissue type (Supplementary Figure S1 ).
Genetic Ancestry Additional Control
As an additional control for effect of genetic ancestry on methylation, beyond including genetic ancestry and ethnic minority as covariates, any CpGs associated with genetic ancestry were filtered from differential methylation hit lists. In total 8,445 CpGs associated with genetic ancestry (FDR <0.25, delta beta >0.05, ANOVA). Despite including genetic ancestry as a covariate in all models, there were still a substantial number of CpGs associated with genetic cluster in the differential methylation hit lists (percent of differentially methylated CpGs associated with genetic ancestry 27%-41%).
Sensitivity Analysis
We performed a sensitivity analysis to test whether our results were sensitive to the inclusion of gender and blood cell contamination as both factors would introduce substantial noise into the data. In addition to the covariates included in original models (Table S4) gender and blood contamination were included as covariates. Blood contamination was represented by PC2 from the blood cell contamination PCA as PC2 related most to samples skewing toward the cluster of spiked-in blood samples. At all CpGs which were significantly differentially methylated from the original models (FDR<0.2; delta beta>0.05) for Income-per-Dependent, Parental Education and Family Adversity were tested with models including all covariates (genetically-determined ancestry, self-reported ethnic minority status, child age, twin status plus child gender and PC2 to represent blood contamination). These new nominal p values and delta betas were then correlated with the values from the original models ( Figure S3 ).
Exploration of Adjacent 450K CpGs
As CpGs adjacent to one another are often seen to correlate in DNAm, we explored CpGs adjacent to our significant EWAS CpGs. We looked at CpGs within 1kb of any EWAS CpGs for each variable. We then looked at the delta beta of these adjacent CpGs and compared it to the direction and magnitude of the delta beta from the significant EWAS CpGs ( Figure S5 ).
Bisulfite Pyrosequencing Verification
Three CpGs identified as significantly differentially methylated were chosen to verify the 450K array with Bisulfite PCR-pyrosequencing. The CpGs were chosen had the highest delta betas seen with each variable (Family adversity: cg10581375, Income-per-dependent: cg21502834, Parental Education: cg26511075). Bisulfite PCR-pyrosequencing assays were designed with PyroMark Assay Design 2.0 (Qiagen, Valencia, CA, USA). Regions containing the CpG targets were amplified by PCR using HotstarTaq DNA polymerase kit (Qiagen, Valencia, CA, USA). The quantitative levels of methylation for each CpG were calculated with Pyro Q-CpG software (Qiagen, Valencia, CA, USA). Verification of the 450K was measured as the Spearman correlation and root mean square error between the 450K and pyrosequencing methylation values at the three target CpGs.
CpG to Gene Associations
There are multiple approaches for associating a CpG to a gene, such as the closest TSS [58] 
Genomic Feature Enrichment
Enrichment in CpG resort features (CpG islands, shores and shelves) and genomic regions was done using significantly differentially methylated CpG lists at FDR<0.2 and delta beta >0.05. Then 1,000 random lists of CpGs were taken as the background, each significant CpG list. The count of CpGs in each resort feature and gene region were used to build a fold change compared to the background and permutation p value, then corrected for multiple comparisons using Benjamini-Hochberg correction [38] . (1) 13(4.1%) 6(3.2%) 10−19,999 (2) 16(5.1%) 4(2.1%) 20−29,999 (3) 16(5.1%) 9(4.8%) $30-319,999 (4) 22(7.0%) 2(1.1%) 40−49,999 (5) 15(4.7%) 9(4.8%) 50−59,999 (6) 17(5.4%) 9(4.8%) 60−79,999 (7) 40(12.7%) 27(14.3%) $80-99,999 (8) 50(15.8%) 36(19.0%) 100−149,999 (9) 74(23.4%) 52(27.5%) 150−199,999 (10) 39(12.3%) 28(14.8%) more than $200,000 (11) 14(4.4%) 7(3.7%) Education 4.68 1.44 4.99 1.34 less than high school degree (1) 8(2.5%) 5(2.6%) completed high school (2) 18(5.6%) 6(3.1%) some college or 2-yr degree (3) 55(17.1%) 18(9.4%) four year college degree (4) 57(17.7%) 31(16.2%) some graduate/professional school (5) 39(9.6%) 27(14.1%) professional or graduate degree (6) 145 (45%) 104(54.5%) 
